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activation 16 (Activation)

Input shape: (None, 32, 32, 64) | Output shape: (None, 32, 32, 64)

R2 convl (Conv2D)

Input shape: (None, 32, 32, 64) | Output shape: (None, 16, 16, 128)

activation 17 (Activation) R2 proj (Conv2D)

Input shape: (None, 16, 16, 128) | Output shape: (None, 16, 16, 128) Input shape: (None, 32, 32, 64) | Output shape: (None, 16, 16, 128)

R2 conv2 (Conv2D)

Input shape: (None, 16, 16,128) | Output shape: (None, 16, 16, 128)

R2 add (Add)

Input shape: [(None, 16, 16, 128), (None, 16, 16, 128)] | Output shape: (None, 16, 16, 128)
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import kagglehub
kagglehub. login()

—

-
T

kaggle

Create an API token from your Kaggle settings page and paste it below along with your

Kaggle username.

Username:

Token:

Login

Thank You
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