
Appendix A: The study location 

Primary and junior high school education are compulsory in China and comprise nine years: six 

years of primary school (ages 6 to 12) and three years of junior high school (ages 12 to 15). The 

Chinese school calendar starts in September of each year and the first term ends in early January. 

The second term generally starts in late February/early March and finishes at the end of June. 

The intervention and survey were conducted in a primary school administratively affiliated to 

Pingxiang, a medium-sized city located at the edge of Jiangxi province, Central China. 93.7% 

of Pingxiang’s Municipal Administrative Area is mountainous or hilly and part lies within 

“Luoxiao Mountain” – one of the 11 ultra-poor clusters designated by the State Council.  

Compared to other provinces in China, Jiangxi has limited resources devoted to education: the 

local per capita governmental expenditure on education amounts to only half the national 

average (see Figure A1). Over the period 2008 to 2016, Jiangxi province has persistently ranked 

29th to 30th out of 31 provinces in terms of the student-teacher ratio in primary schools (Figure 

A1). Girls accounted for 45% and 44% of primary and junior high school students, respectively, 

in 2016, as opposed to the national average of 46.4% for both educational levels. This leaves 

Jiangxi again at the bottom of 31 provinces.1  

Figure A1: Educational outcomes in Jiangxi province and China 

 
Source: Authors’ calculation based on China Statistical Yearbooks and Jiangxi Province 

Statistical Yearbooks. 

 

The progression rate to senior high school or equivalent (Grades 10-12) after 9-year 

compulsory education was 89.9% in 2016, which was 3.7 percentage points lower than the 

national average. In senior high schools of Jiangxi in 2016, 44.3% were girls dropping to 35.1% 

in rural areas, while the national average share was 50.6% and 49.5% for rural areas. 

                                                             
1 Figures in this paragraph are authors’ calculations based on data from China Educational Statistical Yearbooks published by the 

Ministry of Education. Other figures are authors’ compilation based on data from China Statistical Yearbooks published by the 

National Bureau of Statistics and Jiangxi Annual Statistical Report published by Jiangxi Bureau of Statistics.  



The primary school we analyze is in a mountainous town at the edge of Pingxiang 

Municipal Areas where the first asphalt road was not constructed until 2016. The town covers 69 

km2 and has a population of 60 thousand spread over 14 villages served by 10 primary schools. 

There are no “key/model primary schools” in Pingxiang.2 Our sample school was established in 

1956. School consolidation had not taken place in the study area over the decade prior to our 

experiment. School enrollment is based on distance with students enrolling into the nearest 

primary schools. All students in our sample school live in nearby villages within 15-minutes 

walking distance. Local rural households typically emigrate seasonally to cities as migrant 

workers and thus, there are many “left-behind” children in villages. Compared with other parts 

of rural China, our study location is not exceptional. There is no immigration for primary 

education given the remote location of this rural school and the poor neighborhood. According to 

our qualitative interviews of teachers and villagers, parents typically leave the home village for 

work and might only consider moving to urban areas of Pingxiang or the city where they work 

for secondary education. Over three academic years prior to our experiment, only two students 

had moved to urban Pingxiang for better secondary education after completing primary school.   

Over the period 2013-2017, the average academic performance of all students in our 

sample school ranked 1st within the town in every academic year and stayed above the 

Pingxiang average. According to teachers, this good performance was more likely a result of 

teaching efforts than of student quality given strong financial incentives for teachers – one-

month salaries for top ranking – and the location-based enrollment rule.  

To summarize, the student population and student intake into our primary school 

constitutes the local population. There are no selection issues related to educational or related 

outcomes at the primary school level in our study location. While our setting is similar in many 

ways to other rural schools in China, caution is needed when comparing our sample school to 

other rural or semi-rural primary schools due to substantial differences across local areas and/or 

schools. 

 

Appendix B: Gender differences in academic performance in China 

In line with the findings from the CFPS, Gong et al (2014) document rural girls’ advantages in 

Chinese but negative gaps in Mathematics favouring boys in grades 3, 5, 7 and 9; and the 

positive gap in Chinese increased over the period 2006-2010. They also found this situation was 

pronounced among families at low SES. Zhang and Tsang (2015) reaffirm girls’ advantages in 

Chinese and English but no average gender differences in Mathematics performance; boys 

outperform girls only at the upper tail of the distribution of Mathematics test scores. Tracking 

7,235 middle school students in Beijing, Lai (2010) finds that even though boys gradually catch-

up with girls during secondary education, the gender achievement gap decreases over the 

distribution of test scores. Still, girls outperform boys throughout primary and middle school and 

this so in each quartile of the grade distribution.  

Still traditional gender roles and gender differences in academic beliefs seem to be 

widespread. For instance, qualitative evidence suggests the existence of gender stereotyping in 

teaching materials in China. Guo and Zhao (2002) find in Chinese textbooks used at a primary 

school that is linked to the Capital Normal University conveys very little depiction of female 

characters. Another nation-wide textbook of Moral Education published by People’s Education 

Press has persistently few female role models in its 1999 and 2005 editions, while more than one 

dozen of other dimensions (e.g., age, occupation, characters of the role model, etc.) have 

changed along with fast social transitions (Zhang and Xie 2016). In general, men tend to be 

                                                             
2 A “key/model school” is a title awarded by the provincial government and only applied to senior high schools (Grades 10 to 12 

going beyond compulsory education). It indicates better educational quality than other schools and more educational resources 

from the provincial and municipal/county governments. 



portrayed in more active and women in more passive roles in school textbooks in China (World 

Bank 2012). 

 

Appendix C Descriptive statistics of the baseline survey data 

 

Table C1: Average confidence in educational goals* 

Educational aspirations Girls Boys 

Primary  5.33 10.00 

Middle (village)  7.00 8.00 

Middle (county)  8.00 8.67 

Middle (technical)  6.67 10.00 

High (vocational  6.33 7.00 

High (general)  6.11 5.60 

Jr College  7.75 8.00 

UG  7.14 8.00 

PG  7.83 7.69 

PGR  9.57 10.00 

Overalla 7.48 8.33 

Note: * On scale 1 (not confident) to 10 (very confident). a Differences in means statistically 

different from zero at a 5% significance level. 



Table C2: Correlation between parents’ and children’s educational aspirations 

 

Educational aspirations (children) 

Educational 

aspirations (parents) 

No 

education Primary  

Middle 

(village)  

 Middle 

(county)  

Middle 

(tech) 

High 

(voc) 

  High 

(general)  

Jr 

College  UG  PG  PGR  Total 

No educ needed  0 0 0 0 0 0 0 0 0 14.29 0 0.7 

Middle (county)  0 0 0 25 0 0 5.88 0 0 14.29 0 2.1 

Middle (technical)  0 0 0 0 0 0 0 0 5.26 0 2.63 2.1 

High (vocational)  0 14.29 0 0 25 0 5.88 0 0 0 2.63 2.8 

High (general)  0 0 14.29 0 0 14.29 17.65 0 0 0 2.63 4.2 

Jr College  33.33 14.29 14.29 0 25 14.29 11.76 9.09 7.89 28.57 10.53 11.89 

UG  66.67 57.14 57.14 75 50 42.86 47.06 36.36 71.05 28.57 52.63 55.24 

PG  0 0 14.29 0 0 14.29 0 27.27 10.53 14.29 5.26 8.39 

PGR  0 14.29 0 0 0 14.29 11.76 27.27 5.26 0 23.68 12.59 

Total 100 100 100 100 100 100 100 100 100 100 100 100 

 

Table C3: Aspired rank in end-of-term Mathematics (fraction of students) 

Grade 1 to 5 6 to 10 11 to 16 16 to 20 > 20 

1 61.54 7.69 7.69 11.54 11.54 

2 65 25 0 5 5 

3 70.83 16.67 12.5 0 0 

4 52.17 30.43 0 13.04 4.35 

5 46.15 34.62 19.23 0 0 

6 32 28 40 0 0 

Mathematicsa 

Boys 52.63 27.63        13.24       3.95 1.32 

Girls 55.88       19.12       14.47 5.88        5.88        

Chinesea 

Boys 46.15 25.64 16.67 6.41 5.13 

Girls 51.47       19.12       14.71       10.29        4.41        

Note: a Difference in fractions between boys and girls aiming for the top rank not statistically significant at a 5% significance level. 



Table C4: Fraction agreeing girls or boys are good at academic subject 

  Girls Boys 

Grade Chinese English Maths Chinese English Maths 

1 0.800 0.750 0.889 0.733 0.833 0.875 

2 0.778 0.667 0.875 0.500 0.333 0.800 

3 0.417 0.917 0.667 0.333 0.833 0.917 

4 0.571 0.857 0.286 0.200 0.700 0.700 

5 0.100 0.300 0.200 0.625 0.688 0.750 

6 0.462 0.714 0.143 0.364 0.455 0.545 

Girls 0.515   0.716*   0.463 0.162* 0.333* 0. 323* 

Boys 0.394   0.275*   0.371 0.486*   0.657*   0.773* 

Overall 0.451    0.493 0.416 0.331   0.504   0.559 

Note: * Difference in fractions between boys and girls significant at a 5% significance level. 

 

Table C5: Parents’ attitudes on gender-related statements by child gender 

Child’s 

gender 

Parents’ attitudes 

Limited 

jobs, men 

should get 

Problem wife 

earns more 

than husband 

Problem wife 

more 

education than 

husband 

Women best 

complete 

middle 

school 

Men best 

complete 

middle 

school 

Men best 

complete 

higher 

educ 

Women 

best 

complete 

higher educ 

Boys more 

important 

than girls 

in family 

Boys more 

important 

than girls 

in village 

Girl 0.3939 0.3231 0.3077 0.0678 0.1094 0.6308 0.6250 0.1493 0.1791 

Boy 0.4429 0.2239 0.1618 0.1515 0.2059 0.6232 0.6119 0.1389 0.2361 

Overall 0.4191 0.2727 0.2331 0.1120 0.1591 0.6269 0.6183 0.1439 0.2086 

 

Table C6: Parental attitudes on subject ability 

 Fraction of parents agreeing by gender 

 

Chinese Mathematics English 

Child's 

gender 

Girls  

good  

Boys 

good  

Girls 

good  

Boys 

good  

Girls 

good  

Boys 

good  

Girl 0.308 0.133 0.250 0.393 0.462 0.175 

Boy 0.266 0.175 0.081 0.328 0.292 0.194 

 



Appendix D:  

To measure whether boys overestimate their own abilities, we calculate the difference between 

grade-level standardized aspired and realized end-of-term grades as a proxy measure of “over-

ambition”. Figure D1 summarizes the distribution of these differences by subject and gender.  

The figure suggests that girls are consistently lacking confidence in their Chinese language 

skills (the distribution of girls’ differences is located parallel to the left of the boys’) and that 

some girls are unconfident in their Mathematics capabilities (there is a long tail of negative 

differences implying that some girls aim far lower in mathematics than the score they can 

achieve in practice). But we do not find these distributions to be significantly different between 

boys and girls for Mathematics and only marginally for Chinese.3  Further, we do not find 

statistically significant differences in confidence in achieving aspired end-of-term exam grades 

between boys and girls for any of the subjects. 

Figure D1: End-of-term grade aspirations and realizations, by gender 

 
 

                                                             
3 That is, if we are willing to accept a 10% significant level, we find evidence that the distribution of differences contains smaller 

values for girls than for boys in Chinese using a Kolmogorov-Smirnov test. 
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Appendix E: Index Construction 

In line with the theoretical framework of Lybbert and Wydick (2018), we identify three 

transmission channels that may explain the effect of a role model intervention on academic 

performance: aspirations, perception of agency and perception of pathway blockage. In order to 

reduce the multiplicity of hypotheses to be tested, we follow Anderson (2008) and construct sub-

indices to proxy these three channels combining several variables. Table E1 summarizes the 

variables that we use for the construction of the indices.  

Table E1: Internal constraints affected by Intervention 

Channel Aspirations Perception of agency Perception of pathway 

blockage 

Index Academic 

aspirations  

Career 

aspirations 

Effort  Confidence 

 

Group 

efficacy 

(boys)  

Group efficacy 

(girls)  

Components Aspired 

Mathematics 

and Chinese 

final test 

scores; 

Indicators 

whether 

student 

aspires top 

ranks in 

Mathematics 

and Chinese 

final test 

scores 

Indicator 

whether 

student 

aspires 

University 

degree; 

indicator 

whether 

student 

aspires 

professional 

or skilled 

occupations; 

Logarithm 

of expected 

earnings  

Total 

hours 

studied 

per 

week 

and by 

subject  

Confidence 

in achieving 

aspired end 

term test 

scores in 

Chinese and 

Mathematics 

Indicators 

whether 

boys are 

good at 

Mathematics 

and Chinese  

Indicators 

whether girls 

are good at 

Mathematics 

and Chinese  

Source: Authors’ summary based on Lybbert and Wydick (2018).  

In order to analyse heterogeneity in treatment, we disaggregate estimates by baseline 

characteristics that affect internal constraints prior to the treatment. We split the sample into 

whether gender attitudes exceed the baseline median value of the gender index, whether baseline 

aspirations exceed the median value of the baseline aspiration index and whether cognitive 

ability exceeds the median baseline value. The gender index is based on students’ picture ratings, 

their parents’ picture rating of the cartoon, and whether girls face more pressure in village and 

household (see Table E1). The academic aspiration index is based on aspired Chinese and 

Mathematics end term grades as well as aspired end term ranks (see Table E1). The cognitive 

ability measure is based on a set of numerical tests, graphs for deducing reasoning and logical 

abilities and memory tests that we conducted at baseline. Given that children with an initial low 

self-efficacy may underestimate the true returns to effort, and the importance of self-efficacy for 



hope and agency (Lybbert and Wydick 2018), we use the students’ picture drawings to proxy 

baseline self-efficacy. We classify the drawings according to Glewwe et al (2018) (see Box 3) to 

construct a baseline self-efficacy index (Anderson 2008), and split the sample using the median 

baseline value. We code all variables so that a positive value coincides with a greater value prior 

to index construction (Anderson 2008). 

Appendix F Robustness and specification checks 

In order to assess the validity of our ANCOVA test score estimates, we conduct a set of 

specification checks. Given that our intervention is restricted to a single school, spill-over effects 

are unavoidable. In order to take spill-over effects into account, we collect for each student the 

details of the student’s five best friends in our baseline data. We use this information to construct 

the share of treated friends for each student and add it to our core ANCOVA specification. 

Including the fraction of treated friends allows measuring spillovers from the treatment group to 

the placebo group. To analyse gender differences in the impact of peer behavior, we also split up 

the sample by gender (Table F1). While we do not find evidence supporting spill-over effects on 

Chinse test scores overall (Table F1, Columns 1 and 4), there is evidence for boys as the 

treatment effect in Chinese exams drops marginally from 0.3227 (Table 3, Column 1) to 0.2914 

(Table F1, Column 3), and the share of treated friends is significant at a ten percent significance 

level (Table  F1, Column 3). The results also suggest that girls are more affected by their treated 

friends in mathematics than boys (Table F1, Column 6). This may be because Mathematics is a 

competitive subject, in which gender stereotypes about girls’ relatively low competence are 

widespread, and girls are more likely to avoid competition or less willing to enter competition 

than boys especially when gender-primed, as documented in lab (Niederle and Vesterlund 2007) 

and field experiments (Gneezy and Rustichini 2003). This finding is also consistent with the 

interpretation that the male role model was perceived to be stronger than the female role mode 

that we employed.    

In order to assess the robustness of the ANCOVA estimates, we exploit the fact that pair-

wise matching and the within-pair randomization of treatment enable using a standard “twins’ 

methodology” to estimate the causal “returns” to the intervention on children’s academic 

performance. Pooling the data across exam dates posterior to the intervention and using a “twins” 

specification, we write the following determination of student performance: 

𝑦𝑖𝑗 = 𝛼 + 𝛽𝑇𝑖 + 𝛾𝑋𝑖𝑗 + 𝜂𝑗 + 휀𝑖𝑗                                                   (2) 

Note that this specification uses the within-pair-within-exam-date variation; exams prior to 

the treatment do not contribute to the first difference estimator, as there is no within variation. 

Once we use the within-pair-date variation, the precision of the treatment effect increases 

substantially for Chinese exam test scores, and there is also a significant effect of the treatment 

on mathematics exam test scores (Table F2).   

We also use a standard difference-in-difference (DiD) model as a specification check: 

𝑦𝑖𝑗𝑡 =  𝛼 + 𝛽𝑇𝑖 + 𝛾𝑑𝑝 + 𝛿(𝑑𝑝 × 𝑇𝑖) + 𝜷′𝑿𝒊 +  𝜂𝑗 + 휀𝑖𝑗𝑡 ,                         (3) 

with the parameter estimate of the interaction between the treatment and the post-treatment 

indicators, 𝛿, being the DiD estimator.  
A key identifying assumption of the DiD estimator is that γ does not vary by treatment 

status, i.e., if the treated hadn’t been treated their test scores would have followed the same time 

trend as in the placebo group. The treatment introduces a deviation from this pre-treatment 

common pair trend. The pair fixed-effects model yields a consistent estimator of the treatment 

effect as long as any unobservable differences in test scores are confined to the pair-fixed effect. 

While in theory successful pair-wise randomization should guarantee equalization of pre-

treatment time trends across treatment, this is in practice an empirical question. Given that our 



unit of randomization is the student, we average the test score data at the month/treatment status 

level to illustrate the validity of this assumption in our data in Figure F1.   

[Figure F1] 

The figure shows that standardized Chinese exam test scores follow a roughly parallel 

trend with the placebo group outperforming the treatment group before the treatment. This 

pattern completely reverses in the aftermath of the treatment, which results in a temporal spike in 

test scores for the treated while the placebo group experienced a general deterioration in exam 

performance. A possible concern for identification is that the performance drop of the placebo 

group is due to watching an uninspiring cartoon. Particularly, the literature in the field of 

psychology argues that effective psycho-educational interventions depend on children’s 

acceptability (Barlow et al. 1999). We investigate this concern in two ways. First, we exclude 

students in the placebo group who stated they did not enjoy the cartoon and then re-draw Figure 

5. The overall post-treatment pattern remains broadly same to the one observed in Figure 5. 

Second, we regress the placebo group’s total hours studied over the past week and satisfaction 

with Chinese marks reported in the first follow-up survey, which took place one week after the 

intervention, on a dichotomous variable indicating whether they enjoyed the cartoon. Both 

estimated coefficients are insignificant. The dislike of the cartoon seems to be irrelevant to the 

temporal performance drop of the placebo group and thus, is unlikely to bias the treatment 

effects estimator.  

 For Mathematics, we do not find a similar pattern as for Chinese exams. Prior to the 

treatment the test scores of the two groups move towards each other with the treated 

outperforming the placebo group. Post-treatment trends in test scores appear to move in opposite 

directions while treatment causes a temporal approximation. In order to test more formally 

whether the parallel trends assumption holds, we follow Autor (2003) and introduce one or two, 

depending on the amount of exams per subject, treatment “leads” and six post-treatment “lags” 

into our analysis controlling for general time trends affecting exam performance and pair fixed 

effects. The “leads” consist of dummy variables that take the value of one if a person is in the 

treatment group and the exam took place in the pre-treatment period and zero for all other exams 

and people. The common trends assumption is rejected if the leads are jointly significant.  

[Figure F2] 

Figure F2 depicts the point estimates of the lead and lag variables. In line with the Figure 

F1, we fail to reject the parallel trends assumption for Chinese (with an F-test statistic of 0.43) 

but reject it for Mathematics exams (with an F-test statistic of 5.67). As a result, we only focus 

our discussion on Chinese exam performance and report the results for Mathematics for 

completeness only.  

The DiD estimates are in line with the ANCOVA estimates (Table F3), but more 

pronounced. The treatment is estimated to increase standardized Chinese exam performance by a 

significant 0.18 to 0.19 standard deviations with no significant impact on mathematics exam test 

scores.  



 

Figure F1: Common trends assumption 

 
Source: Authors’ calculation. The Figure shows average standardized test scores for Chinese (left panel) and Mathematics (right panel) exams 

for the treated (redline) and the control group (blue line) over time. 

 

Figure F2: Testing the common trends assumption 

 
Source: Authors’ calculation. The Figure displays the point estimates and confidence intervals of standardized Chinese (left panel) and 

Mathematics (right panel) exam scores on a set of pre-treatment lead and post treatment lag treatment dummy variables controlling for time 

trends and pair-fixed effects (not reported). 



Table F1 Spillover effects of treatment on standardized test scores 
 (1) (2) (3) (4) (5) (6) (7) (8) 

 Chinese Girls: 

Chinese 

Boys: 

Chinese 

Chinese+controls Maths Girls: 

Maths 

 Boys: 

Maths 

Maths+controls 

Treated x 

Post 

0.1048 -0.1038 0.2914** 0.1191* 0.0122 -0.2343 0.0101 -0.0102 

 (0.0674) (0.1202) (0.1134) (0.0704) (0.0963) (0.1839) (0.1885) (0.0953) 

         

Average 

pre-treat 

Chinese 

0.6323*** 0.7650*** 0.5547** 0.6219***     

 (0.0937) (0.1228) (0.2123) (0.0999)     

         

Share 

treated 

friends 

0.0632 0.1628 0.3920* 0.0677 0.0553 -1.814*** 0.3574 0.0292 

 (0.1709) (0.4292) (0.2321) (0.1777) (0.2900) (0.6558) (0.3664) (0.2791) 

         

Nervous    -0.0369    0.2589* 

    (0.1022)    (0.1438) 

         

Relationship 

with 

classmates 

(=1 if 

problem) 

   -0.0451    0.0334 

    (0.0998)    (0.1311) 

         

Mother key 

carer (=1) 

   0.1030    -0.1815 

    (0.0814)    (0.1313) 

         

Human 

frontal rain 

drawing 

(=1) 

   0.0917    -0.0769 

    (0.1261)    (0.1749) 

         

Average 

pre-treat 

Maths 

    0.3638*** 0.5008*** 0.4849** 0.4128*** 

     (0.1088) (0.1399) (0.2082) (0.1027) 

         

Constant -0.1098 -0.1014 -

0.3478** 

-0.2235 -0.0246 0.7543** -0.1102 0.0661 

 (0.1138) (0.1805) (0.1467) (0.1645) (0.1583) (0.3716) (0.1680) (0.2133) 

N 1101 535 566 1101 811 348 463 811 

N_g 81 54 60 81 68 42 51 68 

r2_w 0.276 0.276 0.156 0.283 0.112 0.192 0.126 0.132 

Note: Standard errors in brackets adjusted for the clustering of errors at the pair-level. * p < 0.10, ** p < 0.05, *** p 

< 0.01 

 



Table F2: Within-pair-date treatment effect on standardized test scores 
 (1) (2) (3) (4) 

 Chinese Chinese+controls Maths Maths+controls 

Treated 0.1358*** 0.1206*** 0.1653*** 0.1101** 

 (0.0460) (0.0413) (0.0544) (0.0540) 

     

Nervous (=1)  -0.0343  -0.0052 

  (0.0746)  (0.0860) 

     

Prob with 

classmts (=1) 

 -0.2005***  -0.1827** 

  (0.0626)  (0.0756) 

     

Mother key carer 

(=1) 

 0.0089  -0.2170*** 

  (0.0595)  (0.0697) 

     

Frontal pic (=1)  0.4546***  0.2755*** 

  (0.0954)  (0.1013) 

     

Constant -0.0555** -0.3341*** -0.0648** -0.0706 

 (0.0230) (0.0716) (0.0272) (0.0832) 

N 1082 1082 950 950 

N_g 541 541 475 475 

r2_w 0.016 0.082 0.019 0.053 

Note: Cluster-robust standard errors are reported in the brackets. * p < 0.10, ** p < 0.05, *** p < 0.01. 

 

Table F3: Difference-in-Difference estimates of treatment on standardized test scores 

 (1) (2) (3) (4) 

 Chinese Chinese+covariates Maths Maths+covariates 

Treated -0.0456 -0.0551 0.2587 0.1869 

 (0.1280) (0.1293) (0.1760) (0.1728) 

     

Treated x Post 0.1898** 0.1851** -0.0966 -0.1011 

 (0.0790) (0.0775) (0.1202) (0.1168) 

     

Post (=1) -0.0811 -0.0778 0.0681 0.0704 

 (0.0512) (0.0502) (0.0808) (0.0796) 

     

Nervous (=1)  -0.0060  -0.1099 

  (0.2213)  (0.2317) 

     

Prob with 

classmts (=1) 

 -0.2182  -0.1993 

  (0.1987)  (0.2075) 

     

Mother key carer 

(=1) 

 -0.0164  -0.1980 

  (0.1984)  (0.1963) 

     

Human frontal 

rain drawing (=1) 

 0.4561  0.3588 

  (0.3214)  (0.2811) 

     

Constant 0.0199 -0.2523 -0.1310 -0.1714 

 (0.0945) (0.2359) (0.1308) (0.2639) 

N 1419 1419 1205 1205 

N_g 81 81 81 81 

r2_w 0.010 0.059 0.017 0.047 



Note: Pair-fixed effects of Equation (1) are reported. 

Cluster-bootstrapped standard errors at the individual-level are reported in the brackets (with 400 repetitions). 

* p < 0.10, ** p < 0.05, *** p < 0.01 

 

Appendix G Experimental procedures 

The treatment session lasted one hour in an afternoon of a weekday, which was actually a regular 

class meeting as part of students’ curricula. The treatment and placebo sessions were delivered 

sequentially. Both were guided by a female collaborator who was an instructor in the sample 

school and taught English.  

Students in the treatment group watched a 10-minute video introducing a male role model, 

followed by a 15-minute presentation and discussion via a 10-page PowerPoint presentation 

(PPT) summarizing the key factors contributing to the success of the role model. Then, students 

watched another 10-minute video of a female model, followed by a 15-minute presentation and 

discussion via a 10-page PPT. At last, students spent roughly 10 minutes to finish a short 

questionnaire asking whether they enjoyed each of the video and listing 5 places/scenes in the 

video best attracting them. In both videos, as edited by the research team using the role models’ 

public interviews, the role models narrate their stories in similar sequences of contents, that is, 

starting from their disadvantaged background, their ambitions to succeed, their attitudes towards 

difficulties and their perseverance leading to their business successes. Both videos also display 

how the universities where the role models achieved final degrees and their businesses look like 

at the end of each video, such as campus surroundings and office buildings, in order to deliver 

concise images of “aspirations” and “success”. During both video and PowerPoint presentations, 

the particular focus was placed on the fact that the role model was working very hard to achieve 

what she/he achieved, and never gave up or took any fall-backs because of societal stereotypes. 

The treatment took place at the same time and location for all students that were selected into the 

treatment. The video session and discussion were guided by our female collaborator, who is a 

local teacher at the school and so all treatment students were exposed to the same instructor. 

Combining a video with a discussion session does not allow isolating the impact of the treatment 

that arises from an intellectually stimulating discussion from the one of the role model. In the 

classroom setting, it is very difficult and may also appear unnatural to subjects to implement a 

role model intervention without an accompanying discussion. We aim to deliver information in a 

non-salient way, rather than studying the impact of different varieties of treatments.  

As the female role model we chose Lu Zhang who is the founder of Fusion Fund, one of the 

fastest growing capital firms in Silicon Valley. She is the first Chinese listed in Forbes 30 Under 

in 2017 as a Featured Honouree in the Venture Capital category. As a male role model, we chose 

Qiangdong Liu. Mr Liu is the founder of JD.com, Inc.4 and was selected as Fortune Magazine's 

“World’s 50 Greatest Leaders” in 2015. Mr Liu comes from a small village in Northern Jiangsu 

province, was born into a poor farming family and had to live separated from his parents while 

attending school. Both role models worked very hard in school, explicitly state their belief in the 

power of education to change one’s prospects and obtained University degrees. Both role 

models, especially the man, have a strong online presence but, as our students do not usually 

have access to internet or own mobile phones, we do not expect this to matter for the purpose of 

our intervention.5 

The control group waited in a different location and could enter the location once the 

treatment group had finished their session and left school. There were no chances of interaction 

                                                             
4 Fusion Fund supports early-stage entrepreneurs applying new technologies such as artificial intelligence, health and medical 

innovations. JD.com is one of the two massive B2C online retailers in China by transaction volume and revenue and ranked 181 

in the Fortune Global 500 in July 2018 (after Amazon and Alphabet in the B2C industry). It has been listed in NASDAQ since 

May 2014. As of the first quarter of 2018, the platform has 301.8 million active users and delivers to 2,661 (out of all 2,851) 
county-level administrative districts in China.   
5 Only 5.66% of sample students have ever used internet after school.  



or communication between the two groups at the time of exit of the treatment. The placebo 

session was implemented in the same manner, structure and total length (one hour) as the 

treatment session. Students in the control group were first exposed to a 40-minute video – 

Bonnie Bear, a Chinese cartoon. This was followed by a 10-minute discussion session with the 

aid of a 10-page PPT. At last, students spent roughly 10 minutes to finish a short questionnaire 

asking whether they enjoyed the cartoon and listing 5 places/scenes in the cartoon best attracting 

them. The cartoon is about a pair of brother bears trying to save the nature (some more details 

can be found in Box 1), which was also highlighted by the PPT during discussion. 
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