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ABSTRACT

ARTICLE HISTORY

During the Great Recession, policymakers and advocates for the poor
raised concerns that the foreclosure crisis, which forced millions from
their homes, was causally linked to the concurrent rise in homelessness.
Despite these warnings—and the widespread consequences of the economic collapse on the housing market—no national-level research has
evaluated the connection between foreclosures and homelessness. In
this study, I combine homelessness data from the U.S. Department of
Housing and Urban Development (HUD) with foreclosure data from
RealtyTrac to analyze changes over time in both phenomena on the
metropolitan level. I ﬁnd that foreclosures within a given year are signiﬁcantly correlated with homelessness in the following year net of
controls for demographic, housing, and economic characteristics, regional time trends, and metropolitan area ﬁxed eﬀects. This relationship is
strongest among single homeless individuals (compared with families)
and the unsheltered population. These descriptive ﬁndings carry important implications for our understanding of the Great Recession’s consequences and demonstrate the need for expanded data collection on
homeless populations, with which we can better understand whether
and how foreclosure leads to homelessness.
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Numerous studies have shown that homelessness—a growing problem and manifestation of
extreme inequality in the United States—can be caused by a conﬂuence of individual and
environmental factors (Burt, 2001; Early, 2004; O’Flaherty, 2004). Sometimes an unlucky coincidence
can interact with preexisting vulnerability to put an individual or family on the street (Curtis,
Corman, Noonan, & Reichman, 2013; Desmond, 2016). The Great Recession may oﬀer insight into
this dynamic through analysis of the relationship between homelessness and foreclosures, which
are also often caused by multiple ﬁnancial shocks, some of which are external to the mortgage
holder (e.g., declining home values, ballooning mortgage payments, and job loss).
The Great Recession of the early 21st century was unique among economic downturns because of
its severity and its consequences for the housing market. As home values plummeted and unemployment spiked, an alarming number of mortgage holders defaulted (Been, Chan, et al., 2011; Faber
& Rich, 2018; Hall, Crowder, & Spring, 2015; Immergluck, 2011; Rugh, 2015; Rugh & Massey, 2010). This
period was also the culmination of a period of widening income inequality and instability, which left
many households economically vulnerable (Morduch & Schneider, 2017; Piketty 2014). As the wave of
foreclosures was forcing millions of Americans from their homes, media outlets and government
agencies reported a concomitant (and perhaps causally linked) rise in homelessness (Goodman,
2009; HUD 2015; Indiviglio, 2009; Mostrous, 2009; U.S. Conference of Mayors, 2011; Zavis, 2011).
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National Coalition for the Homeless member organizations also claimed to be providing services to
clients who were homeless because of foreclosure (NCH 2009). Despite the theoretical connection
between the two phenomena and the insistence of policymakers regarding its credibility, there has
been no empirical analysis at the national level of the relationship between foreclosures and homelessness. Scholars have noted the importance of research on the potential link (Ellen & O’Flaherty,
2010; Kingsley, Smith, & Price, 2009) and one study has found a correlation between foreclosures and
homeless shelter entries within New York City neighborhoods (Goodman, Messeri, & O’Flaherty,
2016).
This article combines homeless count data between 2008 and 2012 from the U.S. Department of
Housing and Urban Development (HUD) with foreclosure data from RealtyTrac and covariate data
from the U.S. Census, the Bureau of Labor Statistics (BLS), and the Federal Housing Finance Agency
(FHFA) to explore changes over time within metropolitan areas (core-based statistical areas, CBSAs).
Across a range of model speciﬁcations, I ﬁnd a positive, statistically signiﬁcant relationship between
homelessness in a given year and foreclosure activity in the prior year net of time-varying
demographic, housing market, and economic characteristics as well as region-speciﬁc time trends
and metropolitan area ﬁxed eﬀects. Foreclosures are most strongly correlated with unsheltered and
single individual homeless populations (as opposed to those in shelters and individuals in families).
The relationship does not depend on whether foreclosure activity is measured among single-unit
or multiunit structures. Although the magnitude of the correlation is modest, it is still notable given
the challenges previous work has had connecting housing market factors to homelessness in
longitudinal analyses (Corinth, 2015; Hanratty, 20171), the lack of individual-level data sets measuring both homelessness and foreclosure, the length of time of the foreclosure process, and other
dramatic changes in the housing market during this time period (including plummeting housing
costs caused by foreclosures; Immergluck, 2011; Schuetz, Been, & Ellen, 2008).
Although these results are correlational in nature, they support media reports (Goodman, 2009;
Indiviglio, 2009; Mostrous, 2009; Zavis, 2011) and claims by policymakers that the foreclosure crisis
exacerbated homelessness (HUD 2015; U.S. Conference of Mayors, 2011), and corroborate the only
other study (to my knowledge) connecting these two phenomena, which was limited to one city
(Goodman et al., 2016). Strong, suggestive evidence of a link between the millions (Hall et al., 2015)
of individuals who lost their homes because of foreclosure and the concomitant rise in homelessness carries implications for policy regarding housing stability and the social safety net as well
as our understanding of the Great Recession’s consequences (in both the short and the long term).

Connecting Foreclosures and Homelessness
When the housing market collapsed in 2007–2008, the American economy fell into the most severe
crisis since the Great Depression. According to the BLS, unemployment peaked at 10.0% in late
2009 and remained above 8.8% for over 2 years. Unemployment rose the most among and wages
fell most severely for already vulnerable populations (i.e., racial/ethnic minorities and those with
lower levels of education; Hout, Levanon, & Cumberworth, 2011). Although job loss is a common
experience during economic downturns, the Great Recession’s locus in the housing market made it
unique. The combination of often-predatory subprime lending, declining home values, and shrinking incomes (Been, Chan, et al., 2011; Faber, 2013; Rugh, 2015; Rugh, Albright, & Massey, 2015)
resulted in nearly 10 million foreclosures during the crisis (Hall et al., 2015). Foreclosures, in turn,
led to widening racial wealth (Faber & Ellen, 2016; Taylor, Kochhar, Fry, Velasco, & Motel, 2011) and
homeownership (Kuebler & Rugh, 2013) gaps, and may have exacerbated residential segregation
(Hall et al., 2015).
Scholars have previously provided empirical evidence of the ways in which housing market
characteristics shape the prevalence and experience of homelessness (Ellen & O’Flaherty, 2010;
O’Flaherty, 2004). For example, several cross-sectional studies show signiﬁcant correlations
between area rents and homelessness (Byrne, Munley, Fargo, Montgomery, & Culhane, 2013;
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Honig & Filer, 1993). Other studies have explored longitudinal relationships between hosing market
characteristics (as well as demographic and economic characteristics) and homelessness. Whereas
one study showed strong statistical relationships between these factors (Byrne, Fargo,
Montgomery, Munley, & Culhane, 2014), two others found such relationships to weaken substantially upon using area ﬁxed eﬀects (Corinth, 2015; Hanratty, 2017). Notably, none of the three
national, longitudinal studies of homelessness during the Great Recession mentions foreclosures.
The centrality of the housing market in the Great Recession’s cause and consequence motivates
exploration of homelessness during this time period—especially considering that the recession’s
deﬁning experience was the loss of a home. There are a number of potential pathways connecting
the two phenomena, starting with those unique to homeowners. The wide-ranging foreclosure
crisis exposed many households to economic risk, although because household ﬁnancial distress
can lead to both foreclosures (Rugh, 2015) and homelessness (Curtis et al., 2013), disentangling the
three phenomena is a theoretical and empirical challenge.2 Under what circumstances, for example, might we expect ﬁscal strain within a homeowning family to lead to foreclosure and eventual
homelessness, as opposed to the counterfactual in which foreclosure results in a transition to
stable, rental housing?
Although households who own their homes tend to have more resources than those who rent
(McCabe, 2016), property loss without a social or ﬁnancial safety net in a place lacking aﬀordable or
transitional housing may result in homelessness. Therefore, an interaction between household-level
factors (e.g., ﬁnancial fragility) and structural factors (e.g., housing market dynamics) might generate additional risk of homelessness (Burt, 2001; Curtis et al., 2013; O’Flaherty, 2004) for those
being pushed out of their homes because of foreclosure. Similarly, the weak employment market of
a recession might strengthen the link between foreclosure and homelessness if households are less
likely to rebound from ﬁnancial hardship by ﬁnding another job. Even though homeowners often
know they are going to lose their home to foreclosure (i.e., through notiﬁcation from their lender),
the speciﬁc timing of the eviction can be unclear, which can put unprepared households on the
street (Desmond, 2016). Still, there is a crucial endogeneity concern caused by the fact that the
circumstances leading homeowners to foreclosure are implicated in any subsequent homelessness.
I therefore proceed with caution in interpreting my results.
Foreclosures in the rental market may pose an even larger risk of homelessness (Been, Ellen,
et al., 2011; Goodman, 2009). Given the economic disparities between owners and renters (McCabe,
2016), the same pathways (as well as the same endogeneity concerns) connecting household
ﬁnancial stress to homelessness through foreclosure may be more severe for renters. The only
procedural diﬀerence is that the loss of housing is due to the default of a mortgage held by
a landlord (e.g., with insuﬃcient reserves to weather tenant nonpayment). A second, more
exogenous circumstance linking the two phenomena of interest is if a ﬁnancially stable household
is living alongside less stable households, whose nonpayment of rent causes the landlord to default
on their mortgage. Subsequent risk of homelessness may be caused or exacerbated by the fact that
renters may not know the property they are living in is in foreclosure until late in the process (Been
& Glashausser, 2009; Immergluck, 2011; Kingsley et al., 2009). Renters, therefore, may be particularly
vulnerable if their exposure to foreclosure is inﬂuenced by others’ actions and they are informed
about foreclosure at a later time than are similarly positioned owners. The shock of foreclosure
could be further compounded for a renting household if their landlord refuses or is unable to
return a security deposit and/or prepaid last month’s rent, which could severely hinder their ability
to ﬁnd new housing upon eviction. Nationally, renters make up almost half of families aﬀected by
foreclosure during the Great Recession (Manclik, 2012), although in some cities the majority of
foreclosed properties were occupied by renters (Been & Glashausser, 2009; Desmond, 2016).
For both homeowners and renters, the extent to which foreclosure comes as a surprise may
contribute to the risk of homelessness if households are given insuﬃcient time to gather the
ﬁnancial and social capital necessary to secure new housing. Related research on evictions, for
example, shows that those forced out of their homes end up in worse housing situations than
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those moving under more typical circumstances (Desmond & Shollenberger, 2015).3 In addition to
sudden job loss during the Great Recession (Hout et al., 2011), dramatic housing market tumult
could have surprised many mortgage holders. The plummeting value of homes, for example, was
a much stronger predictor of foreclosures than were borrower and loan characteristics (Palmer,
2015). Some loan characteristics, however, have been shown to signiﬁcantly increase default risk.
The nontraditional features of some subprime loans (e.g., enticing teaser rates followed by
ballooning payments), likely surprised many borrowers and resulted in foreclosure (Reid, Bocian,
Li, & Quercia, 2017). The unique characteristics of the housing boom and subsequent recession,
therefore, may have created a dynamic in which foreclosure was less predictable among both
homeowners and those holding mortgages for rental properties, thereby putting foreclosed households at greater risk of ending up on the street. I discuss the implications of studying this time
period in the conclusion.
Another potential connection between foreclosures and homelessness lies in the spillover
eﬀects of foreclosures on the broader housing market. Speciﬁcally, foreclosures may temporarily
remove units from the total supply of housing stock—perhaps most acutely within the low-cost
segment of the market. This may therefore constrain housing options among those vulnerable to
homelessness regardless of their individual exposure to foreclosure. Such second-order eﬀects may
lead to a correlation between foreclosures and homelessness measured at the ecological level even
though not all of those who experienced homelessness because of this dynamic experienced
a prior foreclosure.
Numerous studies have documented how demography shapes homelessness risk. Such individual and household characteristics may also inﬂuence any relationship between foreclosures and
homelessness. For example, it can be valuable to disaggregate family and single individual homelessness because these populations have been shown to have overlapping but distinct risk factors
(Khadduri, 2010). Most homeless individuals are single adults (Burt, 2001; Byrne et al. 2015).
Compared with families with children, single adults are more likely to have higher housing barriers,
such as a prior history of homelessness (Byrne et al. 2015), which complicate the search for housing
and exacerbate risk of experiencing homeless. Disparities in ﬁnancial resources might serve as an
additional barrier. In the year preceding the collapse of the housing market (i.e., 2006), micro-level
data from the American Community Survey (Ruggles, Genadek, Goeken, Grover, & Sobek, 2017)
indicated that households without children were far less likely (50.1%) to have multiple incomes4
than households with children (84.1%). A second income could prevent a family that lost their
home because of foreclosure from subsequently experiencing homelessness.
Homeownership was also less common among households without children (74.8%) than those
with children (78.6%). Whether homeownership itself protected individuals from foreclosurecaused homelessness is unclear. Although it may provide residential stability during housing
market turmoil, it may also expose households to the spillover eﬀects of nearby foreclosures,
which includes additional foreclosure risk (Chan, Gedal, Been, & Haughwout, 2013). As mentioned
above, even ﬁnancially stable renters in multiunit structures may be exposed to foreclosure
because of other tenants’ actions. Among renters, households with children were more likely to
live in single-unit structures (48.1%) and less likely to live in large (i.e., ﬁve or more units) structures
(27.4%) compared with households without children (38.6% and 37.0%, respectively).5 With fewer
ﬁnancial and social resources, single individuals are more exposed to the fact that structural factors
can turn individual vulnerabilities into homelessness (Burt, 2001), often through triggering events
such as evictions (Byrne et al. 2015). Policy may exacerbate these diﬀerences—most of the
$1.5 billion Homelessness Prevention and Rapid Re-housing (HPRP) program, which was part of
the American Recovery and Reinvestment Act of 2009 (ARRA), went to families rather than
individuals (Byrne, Treglia, Culhane, Kuhn, & Kane, 2015).
People who lose their homes because of foreclosure often move in with friends and family
(Kingsley et al., 2009)—sometimes alternating between available couches and the street
(Goodman, 2009). In a nationally representative survey of adults conducted by Martin and Niedt
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(2015) at the peak of the foreclosure crisis (i.e., in 2010), nearly a quarter (23%) of respondents who
were displaced by foreclosure reported “neither renting nor owning” the place where they were
living. Because this was a cell phone survey, the authors suggest these individuals could be staying
with friends or family, squatting in their foreclosed home, or homeless. Their data also provide
suggestive evidence that households with children are more likely to end up living with friends and
family after experiencing foreclosure (Martin & Niedt, 2015).
Others have shown that family structure may inﬂuence and be inﬂuenced by postforeclosure
housing arrangements. Morgan, Cumberworth, and Wimer (2011), for example, documented an
increase in the percentage of married individuals living with their parents during the recession and
no notable change among single individuals. Although Molloy and Shan (2013) ﬁnd mixed
evidence of an average increase in household size postforeclosure, they do document that people
are more likely to move in with older adults (e.g., parents) following foreclosure (Molloy & Shan,
2013). Relatedly, a Minnesota-based study found that the seasonality of homelessness is driven
primarily by households with school-age children (Colburn, 2017). The author posits that this is
evidence that families with children may be more willing to struggle to maintain housing stability if
it insures school stability. In a study of evictions (including evictions caused by landlord foreclosure), Desmond, Gershenson, and Kiviat (2015) ﬁnd supporting evidence that parents with children
may face pressure to keep their kids out of dangerous housing even after being forced from their
home. Together, the established research record motivates exploration of heterogeneity in the
relationship between foreclosure and homelessness across dimensions of demography (e.g., family
structure) and homeownership status.

Data
Measuring Homelessness
HUD collects yearly point-in-time (PIT) homelessness counts from Continuums of Care (CoC) across
the country. CoCs are local planning organizations that coordinate services for the homeless
population within limited geographic jurisdictions. They vary widely in size and can cover large or
small cities, counties, multicounty areas, or entire states (Henry, Watt, Rosenthal, & Shivji, 2016)—
almost the entire United States population lives within a CoC (Byrne et al., 2013). The PIT data come
from a 1-night count conducted in the last week of January in each CoC and include measurement of
diﬀerent homeless populations (e.g., those in families, lone individuals, those in shelters, and those
who are unsheltered). Several previous studies have used PIT data to study homelessness at the
national level (Byrne et al., 2013)—including in a longitudinal framework (Byrne et al., 2014; Corinth,
2015; Hanratty, 2017).
Unfortunately, CoC borders are often inconsistent with other political or bureaucratic boundaries, which presents a challenge for researchers who intend to pair PIT data with other data sets to
study structural and demographic correlates (or causes) of homelessness. CoC boundaries also
change over time, presenting an additional problem for longitudinal analyses of PIT data. Previous
studies used Public Use Microdata Area data (Hanratty, 2017) and county data (Byrne et al., 2014;
Corinth, 2015) to estimate relationships in changes over time between CoC-level characteristics and
homelessness.
Rather than using the CoC as the unit of analysis, I use ArcGIS and aggregate CoC PIT data up to
the metropolitan level (i.e., the CBSA level6), for several reasons. Metropolitan areas oﬀer a more
complete unit with which to assess housing and employment market dynamics as that is their
primary purpose (U.S. Census, 2010). Using the CBSA as the unit of analysis also insures greater data
reliability over time, because if CoC boundaries within a CBSA change over time (e.g., because of
CoCs merging), the total geography analyzed remains consistent. Similarly, yearly estimates of
CBSA-level characteristics from the American Community Survey (ACS) are more reliable than
yearly Public Use Microdata Area (PUMA) or county-level characteristics because CBSAs are larger
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and therefore ACS estimates have relatively smaller margins of error. Still, this analytical decision is
not without limitations. Most immediate is the fact that some metropolitan areas are not completely covered by CoCs in some or all years. Therefore, my data include an indicator variable
identifying those CBSAs to explore whether my ﬁndings are sensitive to imperfect geographic
comparisons.
I use aggregated PIT data and ACS data described in detail to calculate several yearly measures
of homelessness for each CBSA between 2008 and 2012. Following operationalizations in previous
work (e.g., Byrne et al., 2013), the primary outcomes of interest are the logged total homeless
population per 10,000 people within a metropolitan area (total homelessness), the logged number
of homeless individuals in families per 10,000 people (family homelessness), and the logged number
of single homeless individuals per 10,000 people (individual homelessness). In supplemental models,
I disaggregate each of these three measures by sheltered and unsheltered homeless populations.
The sheltered count includes individuals living in a shelter or other transitional housing through
the support of charities or government agencies, whereas the unsheltered count includes those
living outside (e.g., in a park or other public space), in abandoned buildings, or in a transportation
hub (e.g., a bus terminal; HUD 2014).

Foreclosures
I rely on foreclosure data from RealtyTrac, which includes the date and address of the large
majority of foreclosure actions in the United States between 2007 and 2011. The foreclosure
process has several steps from initial notiﬁcation or preforeclosure (i.e., a notice of default or lis
pendens depending on the state) to foreclosure sale (i.e., notice of trustee’s sale or notice of
foreclosure sale) and a return of the property to the lender (i.e., real estate owned [REO]). My
analyses focus primarily on foreclosure sales and REOs (henceforth referred to as foreclosures)
because households are typically forced to move at these stages. Appendix Table A1 shows no
statistical relationship between preforeclosures and homelessness, which we would expect because
households may not move at that point.
I aggregate residential foreclosure sales and REOs to the CBSA level, divide by the number of
total housing units, and (for ease of interpretation) multiply by 100 to generate the number of
foreclosures per 100 housing units for each year (i.e., the foreclosure rate). I then take the natural
log of this measure, which substantially improves model ﬁt. Supplemental analyses take advantage
of the fact that RealtyTrac includes the number of individual units in the structure to calculate
logged foreclosure per 100 units measured among single-unit properties and multiunit properties.

Social, Economic, and Housing Characteristics
Although it is impossible for me to perfectly address the endogeneity concerns outlined in the
background section above, I leverage data from several other sources to help clarify the relationship between foreclosures and homelessness. I incorporate data describing features of the population living within each CBSA as well as macro-structural traits that shape economic and housing
opportunity among those within the metropolitan area. I begin by gathering sociodemographic
characteristics of the people who live within each metropolitan area (i.e., the people at risk of
experiencing homelessness). Speciﬁcally, I collect total population size (logged), age distribution
(i.e., percentage above 65 and percentage below 18), racial makeup (i.e., percentage black and
percentage Latino/Hispanic), percentage veteran, and the percentage of households with children
that have only one parent from the ACS 1-year estimates for each year between 2008 and 2012.
Following previous research documenting relationships between housing market conditions
and homelessness (Byrne et al., 2014; Corinth, 2015; Hanratty, 2017) as well as foreclosures (Rugh &
Massey, 2010), I gather annual measures of homeownership rate, vacancy rate, median rent7
(logged), the percentage of rooms with two or more occupants, and the percentage of structures
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Table 1. Descriptive statistics for the analytical sample.
Total homelessness—per 10k
Homeless individuals in families—per 10k
Homeless individuals—per 10k
Foreclosure sales and REO per 100 housing units
Demographic characteristics
Total population
% 65 or older
% 18 or younger
% black
% Latino
% veteran
% households with children with single parent
Housing characteristics
% owner occupied
Vacancy rate
% 1–4-unit structures
% occupancy more than 2 people per room
Median rent
House price index
Economic characteristics
% more than high school education
Poverty rate
% SSI
Unemployment rate
CPI
CBSA not entirely covered by CoC
Northeast
Midwest
South
West
No. observations

Mean
20.94
7.54
13.41
2.68

SD
15.37
7.20
11.21
2.43

Min.
3.17
0.70
1.97
0.05

Max.
143.42
85.48
95.13
17.22

1,215,307
12.92
24.21
10.47
17.29
10.12
33.44

1,979,966
3.11
2.99
9.21
17.34
2.83
5.24

128,558
6.38
17.82
0.25
1.14
3.90
12.24

19,160,024
26.75
36.45
45.81
90.88
21.34
50.71

ACS
ACS
ACS
ACS
ACS
ACS
ACS

65.37
11.21
77.83
0.23
823.50
347.01

5.34
4.48
5.79
0.31
165.96
103.79

47.41
3.56
54.00
0.00
570.98
183.31

78.83
37.03
89.38
3.86
1481.60
681.24

ACS
ACS
ACS
ACS
ACS
FHFA

58.42
11.16
4.48
8.71
220.49
0.06
0.15
0.19
0.34
0.31
845

7.79
3.77
1.63
3.24
5.85
0.23
0.36
0.39
0.48
0.46

34.04
4.35
0.94
3.19
214.54
0.00
0.00
0.00
0.00
0.00

82.51
33.12
11.10
29.92
229.59
1.00
1.00
1.00
1.00
1.00

ACS
ACS
ACS
BLS
BLS

Source
HUD PIT
HUD PIT
HUD PIT
RealtyTrac

Note. CBSA = core-based statistical area. CoC = continuum of care. CPI = consumer price index. REO = real estate owned. SD =
standard deviation. SSI = Supplemental Security Income. HUD PIT = U.S. Department of Housing and Urban Development
Point in Time Counts. ACS = American Community Survey. FHFA = Federal Housing Finance Agency. BLS = Bureau of Labor
Statistics

with 1–4 units from ACS. I also rely on the FHFA’s house price index (HPI) for yearly indicators of the
strength of each CBSA’s housing market.
The strength of the local economy is another factor potentially confounding the relationship
between foreclosures and homelessness, as a weak job market may be correlated with both
phenomena. To help account for this endogeneity, I gather yearly unemployment and consumer
price index (CPI) data from the BLS. I also rely on ACS for the share of the adult population with
more than a high school education, the poverty rate, and the percentage of the population
receiving Supplemental Security Income (SSI).

Analytical Sample
I analyze 169 balanced CBSAs (or 845 CBSA years) with complete data for each year between 2008 and
2012. Of the 364 CBSAs in the United States, 193 are excluded because they were missing at least
1 year of covariate data. I also omit the following CBSAs because they include CoCs with welldocumented data problems: Detroit, Michigan; Los Angeles, California; and New Orleans, Louisiana
(Byrne et al., 2014). Findings are much stronger in models using an unbalanced panel of CBSAs with at
least 2 years of data and including Detroit, Los Angeles, and New Orleans, although I proceed with the
more conservative estimates. The ﬁnal sample covers 201,510,022 Americans—in 2010, 446,143
homeless people lived in these areas. Table 1 displays descriptive statistics for the analytical sample.
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Methods
My methodological strategy explores variation over time within metropolitan areas in the prevalence of homelessness and foreclosures net of demographic, housing, and economic conditions.
I use CBSA ﬁxed eﬀects to control for time-invariant characteristics of each metropolitan area, such
as climate. When modeled using CBSA random eﬀects instead of ﬁxed eﬀects, the relationship
between foreclosures and homelessness is stronger, which is expected because random eﬀects
models incorporate variation across metropolitan areas in both phenomena as well as variation
within metropolitan areas (Allison, 2009). Again, I proceed with highlighting the more conservative
ﬁndings. Formally, I estimate the following:
Homelessnessjt ¼ β1 þ β2 Foreclosurejt1 þ BDemographicsjt þ BHousingjt þ BEconomyjt þ β3 Coveredjt
þðYearjt Regionj Þ þ Metroj þ εjt

where Homelessnessjt is the natural log of the number of homeless individuals per 10,000 people
in CBSA j at time t—I estimate separate models for the total homeless population, homeless
persons in families, and single homeless individuals. Foreclosuresjt1 is the 1-year lag of the natural
log of the number of foreclosures (i.e., sales and REOs) per 100 housing units. I use the 1-year lag
because we may not expect a signiﬁcant correlation between the measures of foreclosures and
homelessness within the same year (e.g., because the homelessness data are collected in January of
each year). The lagged measure may also pick up on people who experience foreclosure, move in
with friends or family, and then end up on the street after those ad hoc arrangements deteriorate
(Kingsley et al., 2009). Appendix Table A2, which explores the time order nature of the relationship,
shows that contemporaneous and—importantly—1-year lead measures of foreclosures do not
predict homelessness. Demographicsjt is a vector containing the demographic variables described
above (e.g., racial makeup), Housingjt is a vector of housing market variables (e.g., the natural log of
median rent), and Economyjt is a vector of measures of the strength of the economy (e.g., the
unemployment rate). Coveredjt is an indicator variable for whether the entire CBSA was covered by
CoCs within a given year.8 Yearjt Regionj are region-by-year ﬁxed eﬀects, which capture a host of
other potential sources of variation in homelessness (e.g., weather, federal policies) and foreclosures (e.g., the collapse and recovery of national and regional housing markets). Finally, Metroj is
a ﬁxed eﬀect for each CBSA.
The inclusion of metropolitan area ﬁxed eﬀects is crucial for isolating the relationship between
foreclosures and homelessness from potentially confounding characteristics of each CBSA (e.g.,
state-level foreclosure policy). Importantly, ﬁxed eﬀects also help address measurement error in
homelessness counts, as they control for any time-invariant, CoC-speciﬁc policies or practices (or
other characteristics) that may inﬂuence the accuracy of PIT data collection. For example, HUD
counts may underestimate unsheltered populations because of the diﬃculty of reaching them
(Hanratty, 2017). Whereas variation across CoCs in the diﬃculty of reaching unsheltered populations may be inﬂuenced by the built environment and climate, these factors are more likely to
remain relatively consistent over time within CoCs.
I estimate several supplemental models to explore nuance and heterogeneity in the relationship
between foreclosures and homelessness. First, I estimate the formula above for disaggregated
measures of the sheltered and unsheltered total, family, and individual homeless. Next, I calculate
separate foreclosure measures for single-unit and multiunit properties in which the numerator and
denominator are both limited to the speciﬁc unit type (e.g., the log of the number of foreclosures
of single-unit properties per 100 single unit properties within a CBSA year).
Although my statistical models control for temporal variation in a wide array of covariates, the
time-invariant characteristics of each metropolitan area, and region-by-year ﬁxed eﬀects, I cannot
completely dismiss endogeneity concerns. Speciﬁcally, there still may be unobserved variables
confounding the relationship between foreclosures and homelessness. The ecological fallacy (i.e.,
the risk that the households exposed to foreclosure within a CBSA are not the same households
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experiencing homelessness) also presents an important potential problem limiting me from making strong causal claims. Both concerns should be kept in mind during the subsequent discussion
of results.

Results
Table 2 shows variation over time in the outcomes of interest (i.e., total, family, and individual
homelessness) and lagged foreclosures. Although the diﬀerences across years were slight, all three
measures of homelessness were highest during the Great Recession’s worst years (i.e., 2009 and
2010). The total homeless population in the CoCs studied rose from 437,454 in 2008 to 446,143 in
2010 before falling to 444,293 in 2012. The change in lagged foreclosures per 100 housing units
was more dramatic—the measure more than doubled from 2008 and 2010. Foreclosure rates
remained relatively high in 2011. Figure 1 indicates that the yearly, cross-sectional relationship
between total homelessness and foreclosure activity is strong. With few exceptions, the metropolitan areas with more foreclosures per 100 housing units have more homeless per 10,000 people
(both measures are logged).

Modeling Homelessness
Although Figure 1 shows a strong inter-CBSA relationship between homelessness and foreclosures,
my modeling strategy leverages intra-CBSA changes over time in both phenomena. Table 3 shows
results from CBSA ﬁxed-eﬀects models predicting homelessness as a function of foreclosures net of
demographic, housing, and economic characteristics as well as region-by-year ﬁxed eﬀects. The
ﬁrst column indicates that change over time in lagged foreclosure activity is positively correlated
with change over time in the total homeless population net of covariates. The second and third
columns show foreclosures to have an insigniﬁcant relationship with family homelessness9 and
a positive, signiﬁcant relationship with individual homelessness, respectively.
Because both variables are logged, the results can be directly interpreted as showing that a 1%
increase (or decrease) in the number of foreclosures per 100 housing units is associated with a 0.05%
increase (or decrease) in the number of total homeless individuals per 10,000 people living within
a metropolitan area. We can also unlog the estimates to better understand the magnitude of the
relationship between the two phenomena. For example, a change in the number of foreclosures per
100 housing units from 0.5 (i.e., approximately the 10th percentile in the distribution of foreclosures per
100 units) to 5 (i.e., approximately the 90th percentile) is equivalent to a change in the logged number
of foreclosures per 100 units from − .69 to 1.61. If we then plug these values into the regression
equation in Model 1 of Table 3, we see that this change in foreclosure activity is associated with
a change in logged total homeless individuals per 10,000 people from 2.79 to 2.91. Finally, we
exponentiate these values to show that—on average—when a metropolitan area experiences
a dramatic change in foreclosure activity (i.e., from 0.5 to 5 foreclosures per 100 housing units), it
also experiences a corresponding, moderate increase in total homeless per 10,000 people from
Table 2. Homelessness and foreclosures by year for the analytical sample.
Total homelessness—per 10k
Homeless individuals in families—per 10k
Homeless individuals—per 10k
Lagged foreclosure sales and REO per 100 housing units
Note. REO = real estate owned.

2008
20.77
(13.94)
7.449
(5.262)
13.32
(10.91)
1.457
(1.374)

2009
21.30
(16.31)
7.808
(8.101)
13.50
(10.75)
2.432
(2.838)

2010
21.36
(16.31)
7.711
(8.129)
13.65
(10.72)
3.070
(3.040)

2011
20.74
(15.22)
7.303
(7.015)
13.43
(12.00)
3.002
(2.365)

2012
20.55
(15.08)
7.416
(7.202)
13.14
(11.74)
2.582
(2.038)

Pooled
20.94
(15.37)
7.537
(7.203)
13.41
(11.21)
2.509
(2.469)

HOUSING POLICY DEBATE

597

Figure 1. Scatterplot of homelessness and foreclosure prevalence. REO = real estate owned.

approximately 16.39 to 18.39. Although the magnitude of this relationship may not appear large, it is
still substantively important (if causal) considering the scale of the foreclosure crisis and the diﬃculty of
predicting homelessness established in prior work. It is also worth noting that this relationship is
estimated net of a wide range of controls, Metropolitan Statistical Area (MSA) ﬁxed eﬀects and regionby-year ﬁxed eﬀects.
Similar to previous longitudinal analyses with ﬁxed eﬀects, demographic, housing, and economic variables were inconsistent predictors of homelessness (Corinth, 2015; Hanratty, 2017).
Family homelessness is positively correlated with share 65+, percentage veteran, vacancy rate,
prevalence of smaller structures, and crowding (i.e., the percentage of units with at least two
people per room). The share of the adult population with more than a high school education is the
only variable with a signiﬁcant negative correlation with homelessness. Individual homelessness is
only positively predicted by share 65+ and percentage Latino, whereas it is negatively correlated
with metropolitan population, homeownership, educational attainment, and CPI. Unemployment,
which is often identiﬁed in public conversations as a cause of homelessness, was not a signiﬁcant
predictor of homelessness—even when modeled absent other covariates. The inconsistent patterns
among coeﬃcients for housing characteristics suggest that if foreclosures had spillover eﬀects on
the broader housing market, thereby increasing homelessness by making the search for housing
more diﬃcult, those eﬀects were weak.
Table 4 disaggregates each homeless population into separate sheltered and unsheltered counts.
For both family and individual homelessness, foreclosures are much more strongly correlated with the
number of unsheltered homeless per 10,000 individuals (foreclosures remained insigniﬁcantly correlated with the sheltered family population). It is possible that this is because abandoned, foreclosed
properties serve as places where homeless individuals can stay without going to a shelter and therefore
are counted as unsheltered. Alternatively, it is possible that the weaker relationship between foreclosures and sheltered homeless populations indicates that shelters are often (and in some places
always) at capacity, so variation over time in the total homeless population is only observed in the
unsheltered population. Support for this interpretation also comes from the fact that many more
covariates are signiﬁcant predictors of the unsheltered homeless population. The stronger relationships
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Table 3. Fixed-eﬀects models of the relationship between foreclosures and homelessness.
Model 1 outcome: Model 2 outcome: Model 3 outcome:
Total
Family
Individual
homelessness
homelessness
homelessness
Lagged ln(foreclosure sales and REO per 100 housing units)
.050*
(.024)
.015
(.035)
.083**
(.027)
Demographic characteristics
ln(total population)
− 1.669*
(.688) − .853
(1.009) − 1.474+
(.789)
% 65 or older
.082** (.028)
.069+
(.041)
.065*
(.032)
% 18 or younger
.030
(.025)
.004
(.037)
.046
(.029)
% black
.005
(.024)
.011
(.035) − .004
(.028)
% Latino
.034+
(.020) − .032
(.030)
.065**
(.023)
% veteran
.030*
(.015)
.039+
(.022)
.014
(.017)
% households with children with single parent
.001
(.003) − .002
(.005)
.002
(.004)
Housing characteristics
% owner occupied
− .015*
(.007) − .011
(.010) − .018*
(.007)
Vacancy rate
.007
(.008)
.023*
(.011)
.002
(.009)
% 1–4-unit structures
.004
(.008)
.024+
(.012) − .007
(.010)
% occupancy more than 2 people per room
.035
(.041)
.177**
(.060) − .048
(.047)
ln(median value of rented units)
− .068
(.274) − .338
(.402) − .051
(.315)
House price index
.000
(.000)
.001
(.001) − .000
(.001)
Economic characteristics
% more than high school
− .018*
(.007) − .021*
(.010) − .015+
(.008)
Poverty rate
− .013+
(.007) − .014
(.010) − .006
(.008)
% SSI
.010
(.013) − .004
(.019)
.015
(.015)
Unemployment rate
− .009
(.013)
.000
(.020) − .019
(.015)
CPI
− .007
(.006)
.009
(.009) − .019*
(.007)
CBSA not entirely covered by CoC
− .036
(.044) − .020
(.064) − .056
(.050)
Constant
26.307** (9.297) 12.299
(13.641) 26.225* (10.671)
No. observations
845
845
845
Note. CBSA = core-based statistical area. CoC = continuum of care. CPI = Consumer Price Index. REO = Real Estate Owned.
SSI = Supplemental Security Income. Standard errors are given in parentheses. All models include region-by-year ﬁxed
eﬀects.
+p < .1. *p < .05. **p < .01. ***p < .001.

with unsheltered homeless measures are inconsistent with Hanratty (2017) and Corinth (2015).
Hanratty (2017) did not simultaneously disaggregate by both shelter status and family status, perhaps
missing this heterogeneity. Corinth (2015) similarly did not disaggregate by both statuses and only
included unemployment and the log of median rent in their tables.
Table 5 explores whether the relationship of interest is driven by foreclosure activity within particular
housing stock by separately measuring foreclosures among single-unit and multiunit structures. Each cell
presents a single coeﬃcient from a separate model (all models include the full set of covariates used in
Tables 3 and 4). For example, the coeﬃcient in the top left cell is the same as that at the top of the ﬁrst
column in Table 3 (i.e., the statistical relationship between total homelessness and all foreclosures).
Similarly, the two cells below replicate the top-line results in Table 3 (i.e., the relationship between all
foreclosures and both family homelessness and individual homelessness, respectively). The second row of
Table 5 shows that neither single-unit nor multiunit foreclosures are signiﬁcantly correlated with family
homelessness, whereas the third row shows that both measures are positively, signiﬁcantly correlated
with individual homelessness. The sample size varies slightly across unit type because of several CoC
years with no recorded single-unit or multiunit foreclosures—the log of these values is set to missing.
Results were insensitive to whether these values were set to 0 instead of missing.

Discussion
The Great Recession caused a wave of nearly 10 million foreclosures in the United States—a level of
housing distress not seen since the Great Depression (Hall et al., 2015). This article leverages
metropolitan area ﬁxed-eﬀects models and data from a wide range of sources to explore the
relationship between the fallout from the housing market’s collapse and the concomitant rise in

(.686)
(.028)
(.025)
(.024)
(.020)
(.015)
(.003)

(.007)
(.008)
(.008)
(.041)

(.273)

(.000)

(.007)

(.007)
(.013)
(.013)
(.006)
(.044)
(9.278)

.036

− 2.102**
.068*
− .013
− .036
.008
− .021
− .003

− .009
− .001
.002
.090*

.250

− .000

− .013+

− .004
.013
.009
− .013*
− .083+
33.000***
845
.002
.015
.020
.018
.002
19.641
845

−
−
−
−

− .007
(.016)
(.028)
(.029)
(.014)
(.095)
(20.267)

(.015)

(.001)

(.597)

− .489
− .000

(.014)
(.017)
(.018)
(.089)

(1.499)
(.061)
(.055)
(.053)
(.044)
(.033)
(.007)

− .008
.001
.008
− .065

− 1.266
.072
.095+
.051
.082+
.083*
.011

.168**

− .006
.014
.008
− .004
− .035
13.650
845

− .012

− .000

− .059

− .011
.017+
.007
.032

− .767
.041
.017
− .010
− .030
− .007
− .002

Unsheltered
(.052)
− .005

(.009)
(.017)
(.017)
(.008)
(.056)
(12.016)

(.009)

(.001)

(.354)

(.008)
(.010)
(.011)
(.053)

(.889)
(.036)
(.033)
(.031)
(.026)
(.019)
(.004)

.010
− .381*
− .112
.376***
− .591
29.395
840

− .053

.015*

− 10.742**

− .033
.031
.067
.613

− 4.066
− .359
.409
.013
.009
.468*
− .034

(.097)
(.178)
(.183)
(.089)
(.601)
(126.882)

(.097)

(.006)

(3.727)

(.089)
(.106)
(.113)
(.555)

(9.377)
(.382)
(.346)
(.329)
(.275)
(.204)
(.045)

.002
.007
.018
− .020*
− .130+
43.056**
845

(.011)
(.020)
(.021)
(.010)
(.068)
(14.418)

(.011)

(.001)

− .000
− .018

(.425)

(.010)
(.012)
(.013)
(.063)

(1.067)
(.043)
(.039)
(.037)
(.031)
(.023)
(.005)

.001
.007
− .045
− .031*
.011
16.769
845

.007

− .001

− .242

− .010
.003
− .008
− .231*

− .948
.044
.115*
.052
.123**
.057+
.011

(.016)
(.029)
(.030)
(.014)
(.097)
(20.713)

(.016)

(.001)

(.611)

(.015)
(.017)
(.019)
(.091)

(1.532)
(.062)
(.056)
(.054)
(.045)
(.033)
(.007)

Unsheltered
(.053)

Individual Homelessness
Sheltered
(.037)
.163**

.601

− .012
− .015
.000
.141*

− 2.900**
.085+
− .028
− .040
.012
− .022
− .005

Unsheltereda
(.328)
.096**

Family Homelessness
Sheltered
(.031)
1.102***

Note. CBSA = core-based statistical area. CoC = continuum of care. CPI = consumer price index. REO = real estate owned. SSI = Supplemental Security Income. Standard errors are given in
parentheses.All models include region-by-year ﬁxed eﬀects.
a
The following ﬁve CBSA years were dropped from this model because they reported zero unsheltered homeless in families: Buﬀalo-Cheektowaga-Niagara Falls, NY (2012), Des Moines-West Des
Moines, IA (2011), Ogden-Clearﬁeld, UT (2008), Ogden-Clearﬁeld, UT (2009), and Rochester, NY (2011).
+p < .1. *p < .05. **p < .01. ***p < .001.

Lagged ln(foreclosure sales
and REO per 100 housing
units)
Demographic characteristics
ln(total population)
% 65 or older
% 18 or younger
% black
% Latino
% veteran
% households with kids
with single parent
Housing characteristics
% owner occupied
Vacancy rate
% 1–4-unit structures
% occupancy more than 2
people per room
ln(median value of rented
units)
House price index
Economic characteristics
% more than high school
education
Poverty rate
% SSI
Unemployment rate
CPI
CBSA not covered by CoC
Constant
No. observations

Sheltered
(.024)

Total Homelessness

Table 4. Modeling sheltered and unsheltered homeless populations.
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Table 5. Fixed-eﬀects models of the relationship between foreclosures disaggregated by unit type and homelessness.
Outcome
Total homeless
Lagged ln(foreclosure sales and REO per 100 housing units)
Family homeless
Lagged ln(foreclosure sales and REO per 100 housing units)
Individual homeless
Lagged ln(foreclosure sales and REO per 100 housing units)
No. observations

All housing
units

Multiunit
properties

Single-unit
properties

.050*
(.024)

.024
(.018)

.033
(.023)

.015
(.035)

.006
(.026)

.010
(.033)

.083**
(.027)
845

.044*
(.021)
843

.060*
(.026)
844

Note. REO = real estate owned. Standard errors are given in parentheses. All models include region-by-year ﬁxed eﬀects and
a full set of covariates.
+p < .1. *p < .05. **p < .01. ***p < .001.

homelessness. Across a range of model speciﬁcations and net of controls for concurrent changes in
demographic, housing, and economic characteristics, I ﬁnd that the number of foreclosures per 100
housing units within a metropolitan area is signiﬁcantly correlated with the number of homeless
per 10,000 individuals in that metropolitan area in the following year.
Disaggregated results show that the correlation between foreclosures and homelessness is
strongest among single homeless individuals (rather than individuals in families) and among the
unsheltered homeless population. This diﬀerence could be due to the fact that households without
children tend to have fewer ﬁnancial resources and can be more vulnerable to triggering events
(Byrne et al. 2015). Such households are also more likely to be renters, which may create additional
risk of homelessness after foreclosure (Been, Ellen, et al., 2011; Been & Glashausser, 2009; Goodman,
2009; Immergluck, 2011; Kingsley et al., 2009). Families may also have more and stronger ties to
community institutions (e.g., schools), which could create incentives to or pathways through which
they maintain housing stability through periods of ﬁnancial instability (Colburn, 2017). Foreclosure
sales and REOs drive the ﬁndings, which is expected because those steps in the foreclosure process
generally lead to (or are preceded by) the previous tenants leaving the property.
Although the magnitude of the relationship of interest is modest—a 1% increase in the number of
foreclosures per 100 housing units is associated with a 0.05% increase in the number of total homeless
individuals per 10,000 people—a much stronger correlation might have been surprising given the length
of time of the foreclosure process and the fact that housing costs were plummeting across the country
(especially in places where foreclosures were clustered; Immergluck, 2011; Schuetz et al., 2008). These two
factors may have made the postforeclosure housing search easier even for households with limited
ﬁnancial resources. There was also an inﬂux of ﬁnancial support for homelessness programs during this
time (Hanratty, 2017; HUD 2016) speciﬁcally because of concerns that the Great Recession would cause
homelessness (in part via foreclosures). This, too, may have weakened the eﬀect of foreclosures on
homelessness risk. Importantly, despite the moderate statistical relationship, the scale of the foreclosure
crisis was so great that even a small correlation suggests a broad population of impacted individuals.
Documenting a signiﬁcant correlation between foreclosures and homelessness is additionally notable
considering the diﬃculty scholars have had identifying strong statistical relationships between homelessness and other housing market characteristics (Early, 2004)—especially in longitudinal studies that
control for time-invariant traits of the units of analysis (Corinth, 2015; Hanratty, 2017). The relationship
explored in this article is also consistent with work arguing that homelessness is often caused by an
interaction between housing market characteristics and a household-level life shock (Curtis et al., 2013;
O’Flaherty, 2004). Eviction because of foreclosure can come as a surprise—particularly for renters (Been &
Glashausser, 2009; Immergluck, 2011; Kingsley et al., 2009), but also for some homeowners (Desmond,
2016). Experiencing foreclosure in the midst of collapsing housing and job markets may constitute
a “conjunction of bad circumstances” (O’Flaherty, 2004, p. 2).
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This study is not without its limitations. Both the homelessness data and the foreclosure
data lack information on race, which is unfortunate because people of color are more likely to
experience homelessness in general (Early, 2004; Khadduri, 2010) and were more vulnerable to
the wild swings of the housing market (Faber, 2013; Faber & Ellen, 2016; Faber & Rich, 2018;
Hall et al., 2015; Hwang, Hankinson, Brown, & Brown, 2015; Immergluck, 2011; Rugh, 2015; Rugh
et al., 2015). Although models estimating interactions between foreclosure activity and CBSA
racial makeup (available upon request) were not statistically signiﬁcant, future work should
investigate whether blacks and Latinos were disproportionately likely to experience homelessness following a foreclosure.
Although some have posited that renters may be most vulnerable to experiencing homelessness
after foreclosure (Been, Ellen, et al., 2011; Been & Glashausser, 2009; Goodman, 2009; Immergluck, 2011;
Kingsley et al., 2009), I am unable to shed light on this dynamic. The foreclosure data do not indicate
whether the occupants rented or owned the unit, nor do the homelessness data indicate previous
tenure. The results are not sensitive to whether the foreclosure measurement is limited to either singleunit structures or multiunit properties (i.e., proxies for homeownership and renting prevalence,
respectively). Homeownership was negatively correlated with single individual homelessness, but
not with family homelessness, suggesting heterogeneity in its role in shaping homelessness risk. My
inability to identify renters and owners in the data is particularly important for unpacking the
mechanisms potentially linking foreclosure to homelessness. As discussed in detail above, there may
be pathways from foreclosure eviction to the street that are speciﬁc to tenure status (e.g., the risk that
even ﬁnancially stable renters can be exposed to foreclosure via the ﬁnancial instability of neighboring
tenants). One speciﬁc policy recommendation I can make with the evidence on hand is for homelessness counts to ask about prior tenure status. Such information would allow for better identiﬁcation
of the relationship among housing market dynamics (i.e., foreclosure), housing policy, and patterns of
homelessness.
Because of missing data, my sample does not cover the entire United States, and large
metropolitan areas are overrepresented in the analyses. Although the CBSAs in the analytical
sample are home to 201,510,022 people, it is important to question whether the relationship
between foreclosures and homelessness established here can be extended to smaller metropolitan areas and nonmetropolitan areas. Such places may have been spared the housing
market fervor of the subprime boom, which could have insulated them from the subsequent
foreclosure crisis. Similarly, the less competitive nature of their housing markets may weaken
the relationship between foreclosure and homelessness if postforeclosure housing is more
readily available.
Another issue is the extent to which these ﬁndings can be extrapolated to periods in which
housing and labor markets are less volatile. It is possible—if not likely—that despite additional
federal resources (HUD 2016), local antihomelessness eﬀorts were at or beyond capacity during and
immediately after the Great Recession. Foreclosures may not carry the same risk of homelessness in
stronger economic contexts (i.e., when there are fewer homeless individuals in general). Although
models interacting foreclosure activity with year did not indicate signiﬁcant variation in the
relationship over the period of study, these two phenomena (and any statistical connection
between them) should be continuously monitored. However, it is worth noting that federal aid
through HPRP ended in 2012, so those providing aid to homeless populations may be facing
ﬁnancial strain in the poststudy period.
Most importantly, endogeneity and ecological fallacy concerns limit me from making stronger
causal claims about the nature of the relationship between foreclosures and homelessness. Ideally,
individual-level or household-level data could be used to establish stronger causality and investigate potential heterogeneity across homeownership status and demographic characteristics.
However, no individual-level or household-level data set that accurately measures both foreclosures and homelessness exists (to my knowledge). Future research may be able to leverage single-
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city or CoC data with richer descriptions of the prehomelessness experiences of individuals and
families. Regardless, the robustness of the relationship across multiple model speciﬁcations controlling for a wide array of time-varying characteristics and ﬁxed traits of CBSAs, as well as the time
order of the relationship (Appendix Table A2), provides suggestive evidence in support of reports
by media (Goodman, 2009; Indiviglio, 2009; Mostrous, 2009; Zavis, 2011), advocacy groups
(National Coalition for the Homeless [NCH], 2009), and policymakers (HUD 2015; U.S. Conference
of Mayors, 2011) about the connection between foreclosures and homelessness.
Although the threat of ecological fallacy is typically considered a reason for caution, it is possible
that the reliance on aggregated measures dilutes estimation of the true risk of homelessness following
foreclosure (i.e., because it creates statistical imprecision). To the extent that this is true, the results
presented here may be a lower bound of this relationship. Furthermore, if foreclosures do put people
on the street or in shelters, it is possible that the research tracking postforeclosure experiences—
especially studies of postforeclosure housing arrangements—understates the eﬀects of foreclosures
because those who end up homeless leave the analytical sample (Desmond & Shollenberger, 2015).
Despite these limitations, these results carry implications for policy. Perhaps most importantly,
the relationship suggested by this article’s ﬁndings highlights the urgency of protecting vulnerable
households during recession. Keeping ﬁnancially distressed households in their homes, which
some say the federal government failed to do eﬀectively (Immergluck, 2013), may prevent people
from experiencing life without a roof overhead. Similarly, the fact that unsheltered homelessness is
more readily predictable by foreclosures (and other covariates) than sheltered homelessness may
be evidence that shelters are often (or always) full in many places. If that is true, then far more
needs to be invested in shelter capacity.
Deeper insight into the causal mechanisms linking foreclosure to homelessness—which serves
as a strong motivator of future research—would also help identify policy interventions to keep
people oﬀ the street. For example, struggling homeowners and renters may beneﬁt from more
generous unemployment beneﬁts during recessions, which could allow them to keep up with
mortgage and rent payments during a job search and therefore avoid homelessness via foreclosure
eviction. If renters face additional risks through the actions of landlords and neighboring tenants,
ﬁnancial assistance to displaced households could potentially ease a postforeclosure housing
search (e.g., by having enough money for a security deposit on a new unit), thereby reducing
the risk of homelessness. Although I did not ﬁnd evidence of signiﬁcant heterogeneity across time
in the relationship of interest, it is diﬃcult to dismiss the possibility that housing cost shocks
caused by ballooning subprime mortgage payments did catch some households oﬀ-guard (previous work has shown that nontraditional mortgage characteristics increase risk of foreclosure; Reid
et al., 2017). Capping—or even prohibiting—such lending practices, therefore, may lessen the
likelihood of both foreclosure and experiencing homelessness subsequent to foreclosure (Ding,
Quercia, Reid, & White, 2011). Understanding who is speciﬁcally vulnerable to postforeclosure
homelessness is a crucial research task for making sound policy. Additionally, future work could
investigate whether and how combinations of foreclosure, safety net, and homelessness policies (at
state and local levels) were eﬀective in reducing (or exacerbating) the impact of the Great
Recession on homelessness.
More broadly, this research has implications for our understanding of the role of housing in
neighborhood stability as well as how we consider the medium- and long-term eﬀects of the Great
Recession. Although previous work has suggested that lower housing prices prevent homelessness
(Byrne et al., 2013; Honig & Filer, 1993), the collapse of the housing market and subsequent
foreclosures indicate that there is perhaps a threshold below which low housing values present
an increased risk by destabilizing local markets and putting people on the street. Conceptually and
empirically separating housing that is aﬀordable to those at risk of homelessness from the broader
housing market may be a necessary—albeit challenging—task for researchers and policymakers.
To the extent that the Great Recession was responsible for creating homelessness, the consequences of the deepest economic downturn in almost a century may be lasting for many individuals.
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Research has connected bouts of homelessness to numerous negative consequences (Buckner, 2008;
Fisher, Hovell, Hofstetter, & Hough, 1995; Shinn et al., 2008), not the least of which is an increased risk
of future housing instability (Desmond et al., 2015) and homelessness (Byrne et al., 2015).

Notes
1. Byrne et al. (2014) found stronger relationships between homelessness and both housing and demographic
characteristics in a longitudinal analysis, perhaps because they did not use ﬁxed eﬀects (Hanratty, 2017).
2. Recent ethnographic work has further demonstrated that housing instability (e.g., because of foreclosure and
eviction) can be a cause of economic instability—rather than simply a consequence—through, for example,
the inability of employers to contact individuals (Desmond, 2016; Edin & Shaefer, 2015). The reciprocal nature
of the relationship between housing and employment, therefore, is worthy of further study.
3. Importantly, this work excluded those who ended up homeless following an eviction, which likely resulted in
conservatively biased estimates of the deleterious eﬀects of forced moves (Desmond & Shollenberger, 2015).
4. Measured as individuals reporting greater household income than personal income.
5. Households with children were also more likely to live in structures with 1–4 units (87.48%) compared with
households without children (82.48%).
6. CBSAs include metropolitan statistical areas and micropolitan statistical areas.
7. The logged median value of owner-occupied units as well as Fair Market Rents (FMR) caused multicollinearity
problems with logged median rent. The former was positively predictive of family homelessness, which we
might expect if they are the population for whom homebuying might matter more. FMR was not signiﬁcantly
correlated with homelessness.
8. In results available upon request, an interaction term between this indicator variable and the foreclosure
measure was not signiﬁcant, suggesting no meaningful variation in the relationship between foreclosures and
homelessness across CBSA coverage by CoCs.
9. The lack of a signiﬁcant relationship between family homelessness and foreclosures may be due to statistical
power (i.e., single individual homelessness is far more common). In identically structured random eﬀects
models, foreclosures are marginally positively correlated with family homelessness.
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Appendix
Table A1. Fixed-eﬀects models of the relationship between steps in the foreclosure process and homelessness.
Outcome
Total homeless
Lagged ln(preforeclosures per 100 housing units)

Model 1

Model 2

Model 3

− .005
(.004)

Lagged ln(foreclosure sales per 100 housing units)

.012
(.009)

Lagged ln(foreclosure sales and REO per 100 housing units)

.050*
(.024)

Lagged ln(total foreclosure actions per 100 housing units)
Family homeless
Lagged ln(preforeclosures per 100 housing units)

.014
(.021)
.002
(.006)

Lagged ln(foreclosure sales per 100 housing units)

.006
(.013)

Lagged ln(foreclosure sales and REO per 100 housing units)

.015
(.035)

Lagged ln(total foreclosure actions per 100 housing units)
Individual homeless
Lagged ln(preforeclosures per 100 housing units)

.001
(.031)
− .006
(.005)

Lagged ln(foreclosure sales per 100 housing units)

.024*
(.010)

Lagged ln(foreclosure sales and REO per 100 housing units)

.083**
(.027)

Lagged ln(total foreclosure actions per 100 housing units)
No. observations

Model 4

845

845

845

.044+
(.024)
845

Note. REO = real estate owned. Standard errors are given in parentheses. All models include region-by-year ﬁxed eﬀects and
a full set of covariates.
+p < .1. *p < .05. **p < .01. ***p < .001.

Table A2. Fixed-eﬀects models of diﬀerent time orders of the relationship between foreclosures and homelessness.
Model 1 outcome: Model 2 outcome:
Model 3 outcome:
Total homelessness Family homelessness Individual homelessness
ln(foreclosure sales and REO per 100 housing units)
.022
− .007
.047
(.026)
(.038)
(.030)
F.ln(foreclosure sales and REO per 100 housing units)
.039
.002
.035
(.040)
(.058)
(.046)
No. observations
845
676
845
676
845
676
Note. REO = real estate owned. Standard errors are given in parentheses. All models include region-by-year ﬁxed eﬀects and
a full set of covariates.
+p < .1. *p < .05. **p < .01. ***p < .001.

